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Abstract

Background: Video Advertising (VI) is a powerful media tool used by several companies as a marketing strategy. During
COVID-19 pandemic, there was a wide adoption of digital media, particularly VI, to promote company products. However,
some changes occurred post-pandemic, which influenced customer behavior.

Objective: This research aimed to explore changes in customer behavior towards VI post-pandemic. The exploration focused
on understanding changes in four major factors which included Sensory Appeal (SEN), Informativeness (INF), Entertainment
(ENT), and Telepresence (PRE).

Methods: Data were collected using snowball sampling method, resulting in 744 responses. After deleting outliers and non-
shopping customer, there were 584 analyzable data. Covariance-Based Structural Equation Model (CB SEM) method facilitated
by Lisrel Application was used for data analysis.

Results: The result showed that significant changes have occurred in customer behavior to VI post-pandemic. Among the 13
tested hypotheses, 11 showed significant influences, while 2 did not, indicating shifts in customer behavior.

Conclusion: COVID-19 pandemic led to significant changes and imparted customer with a new understanding of VI, which
became a major marketing tool. These changes were due to experiences during the pandemic, which affected SEN (72%), INF
(77%), ENT (76%), and PRE (70%). Further analysis showed that ENT affected Customer Trust (CT) and Actual Purchase
(APU) by 20% and 27%, while PRE caused 34% and 20% respectively, indicating a decrease in customer response from VI to
CT and APU. Based on these results, further exploration should build on the identified factors and investigate additional
variables that had not been considered.
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1. INTRODUCTION

Advertising is a major strategy for companies that allows the introduction of products to customer and potential
interested parties. Recently, digital media has become a marketing tool widely used in various industries, including
social media and e-commerce, comprising online advertising, short, and streaming videos [1]. In this context, Video
Advertising (V1) is expected to grow significantly, with an estimated spending budget of $704.10 million in 2023,
increasing to $648.10 million on mobile platforms by 2027. The cost of mobile VI per user is also expected to rise
from $1.7 in 2021 to $1.84 and $2.01 in 2022 and 2023 respectively [2]. However, there has been a significant decline
in digital advertising expenses, which appears inconsistent with current trends and proposes a shift in customer
behavior. For example, customer engagement dropped from 59.3% in 2020 during the initial stages of COVID-19, to
39.9% in 2021, and further to 13.6% in 2022 as the world transitioned into post-pandemic era. During the pandemic
crisis in 2020, there was a significant rise in internet usage, with APJII (Association of Indonesian Internet Service
Providers) reporting an impressive increase of 78.19%, equivalent to 215.626.156 users in 2023 [3]. COVID-19
pandemic which officially started in Indonesia on March 2, 2020, and ended on June 21, 2023, led to many restrictions
on social activities including activities for shopping. Consequently, online VI became a crucial marketing tool used
by the industry, persuading customer to shop online, including those who had not shopped before pandemic. These
changes in customer behavior are expected to have lasting influences post-pandemic, which forms the basis of
research.

In the context of this research, a question arises concerning how online VI influences Customer Trust (CT) and
actual purchase (APU) behavior during the transition to the new normal era (post-pandemic) based on the Online
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Customer Experience (OCE) model [2], [4]. Relating to the question, several explorations showed the significance of
high-quality web-based advertising as a major factor contributing to increased sales with a focus on the behavior of
the advertisers and the use of the optimal strategy model [5]. Other research conducted before pandemic showed that
along with customer experience and perceived values, digital video promotion positively influences satisfaction,
loyalty, and repurchase intention [6]. Features such as content creation advertising, and clarity played a role in
influencing product sales [7]. As a persuasive system, online VI also shapes APU behavior and attitudes [8]. An
analysis using Strength Weaknesses Opportunity Threat (SWOT) framework [9], proposed that short VI is a valuable
tool for marketing education and learning, [10], engaging users with interesting content, providing a scene-based
experience, and opportunities for participation. Advertising is widely used for entertainment purposes [11], and the
quality of services is critical in effectively delivering marketing information [12]. Following this discussion, variables
such as social interaction, informativeness, perceived usefulness, ease of use, playfulness, and CT have all been
investigated [13]. Some explorations have discussed the negative influences of digital advertising on customer
decision-making [14], [15]. However, the specific effect on customer experience models, CT, and APU factors
remains largely unexplored.

Relating to the previous discussion, this research aimed to examine the influence of VI on CT and APU using the
OCE model [16], [17]. The model uses factors such as Sensory Appeal (SEN), Informativeness (INF), Entertainment
(ENT), and Telepresence (PRE) to explore changes in customer shopping behavior post-pandemic. As opposed to
previous investigations conducted before and during pandemic [6], [7], [8], [9], [11], [12], this research used data
collected during the transition to post-pandemic era. The result is based on the Self-Determination Theory (SDT),
explaining the motivation of individuals in adapting to external circumstances that require change, such as COVID-
19 pandemic and the aftermath [18], [19]. Pandemic forced customer to adapt and modify self-behavior, including
how users interact with VI. This is due to the circumstances that prevent engagement in physical or face-to-face
interactions. Post-pandemic environment includes additional modifications following pandemic, by which in-person
interactions have commenced. Therefore, this research aimed to investigate post-pandemic shifts in customer behavior
towards VI and provide an understanding of the original causes.

Quantitative analysis was conducted using Covariance-Based Structural Equation Model (CB SEM) method with
data processing through Lisrel [20], [21]. Among the 774 respondents, 15 data sources were removed due to being
outliers, while 175 (18.15%) did not make purchases after viewing online VI. This action left 584 respondents for the
final analysis, including 147 males (25.17%) and 437 females (78.83%). The research showed that customer behavior
significantly changed post-pandemic, influencing both CT and APU decisions. VI strongly influenced the OCE model,
and the effect on APU was minimal, showing a shift in customer behavior. A major result was that the reduced budget
for VI may be due to minimal influence on CT and APU, contributing to a perceived lack of effect on sales in the
sector. Generally, a shift was identified in customer attitudes towards online VI as well as the influence on CT and
product purchases post-pandemic. These results have significant implications for the advancement of digital
advertising industry and the development of theoretical models. A shift was observed in the behavior of customer who
buy products after watching VI post-pandemic.

This research typically follows a standard structure, starting with an abstract that reviews the main points of the
exploration. The next section is the introduction, which provides the background information, reviews the problems,
explains the importance of research, describes the methods used, and gives a brief overview of the results. The
subsequent section covers a literature review that explores relevant theories, followed by a methodology explaining
the methods used. The results and discussion section shows data analysis outcomes and includes a comparison with
previous explorations. Finally, the conclusion reviews the important words, followed by a list of references used in
research.

II. LITERATURE REVIEW

The section provides explanations of some of the major terms and definitions used.

A. Video Advertising

Digital marketing through VI has revolutionized the scope of businesses in promoting products and services in the
modern era. In a highly competitive market, companies are compelled to adopt digital marketing strategies to be
outstanding among competitors and achieve good objectives. Through digital platforms such as Facebook, YouTube,
TikTok, and Instagram, customer has easy access to information about desired products and services at any moment.
Digital marketing is not only about using new technologies but also effective application to achieve set objectives.
The strategy specifically includes using the technologies in online or internet-based marketing efforts [22], [23]. The
use of video as an advertising tool is widely acknowledged for the effectiveness in influencing APU behavior. Relating
to the discussion, VI is incorporated into digital marketing strategies to engage both current and prospective customer
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[5], [7], [24]. This research introduces a theoretical framework to explain how short VI affects purchasing behavior,
with a specific focus on interactivity and vividness. The exploration also signifies the importance of video content
creators, including influencers, sellers, and customer, in shaping the effectiveness of VI [7].

B. Influence of Self-determination Theory (SDT) During and Post-pandemic Concerning Video Advertising

SDT has a significant influence on VI during and after COVID-19 pandemic. This theory is a psychological
framework that explains how individuals are motivated to change in response to the environment [18], [19]. SDT
supports the changes caused by government regulations during pandemic, which forced people to adjust behavior. For
example, watching VI about products that were previously rare became a common activity during pandemic. Similarly,
online shopping became more widespread due to the changes, explained by the OCE model. According to SDT, these
behaviors might reoccur as pandemic subsides. Habits formed due to government regulations may also shift more in
post-pandemic era including changes in shopping habits and how customer interact with VI.

Customer behavior towards VI changed during pandemic when direct interaction was limited. Initially, customer
was exposed to VI, but as pandemic ended and face-to-face interactions became more common, further changes
occurred. Despite the minimal research on the influences of the changes, the phenomenon of VI remains significant.
SDT is relevant in the situation because it supports post-pandemic shift from pre-pandemic to during pandemic when
physical meetings were restricted by government regulations. Following this discussion, the transition was evident
during the data collection phase.

C. Online Customer Experience (OCE) Model

OCE model is commonly used to examine the influence of online environments, such as VI and websites, on
customer behavior. This model identifies four major factors that shape the perception of customer which include SEN,
INF, ENT, and PRE. According to previous research [25], [26], [27], these factors play a crucial role in building CT,
which positively influences decision-making processes and the probability of APU products online. OCE refers to a
psychological state reflecting the subjective reactions of individuals to web-based advertising [25], [26], [27].
Moreover, there is a strong relationship between VI and the OCE model, as internet-based advertising has significantly
influenced the APU experience of customer [16], [17].

D. Stimulus-Organism-Response (SOR) Framework

SOR framework, derived from psychology theory, serves as the foundation for model development by showing
how individuals respond to environmental stimuli [12], [28], [29]. In this model, the environment acts as a stimulus
(S) comprising signals that trigger an internal evaluation in a person (O), eventually leading to a response (R).
According to this framework, customer emotions play a crucial role in shaping the response to the presented
environmental stimulus, which is represented by online VI. This advertising influences factors in the OCE model,
including SEN, INF, ENT, and PRE, leading to responses such as CT and APU [27], [29]. In this research, VI is
considered the stimulus, while the organism aspect corresponds to OCE which are SEN, INF, ENT, and APU factors.
The response is customer behavior, specifically in terms of CT and APU decisions.

III. METHODS

A. Research Methodology

This research started by identifying a phenomenon or problem, followed by reviewing existing literature. The
review assisted in recognizing gaps that needed to be addressed. In line with these gaps, particularly those related to
factors such as VI, SEN, INF, ENT, and PRE, a new model and indicators were developed. Data were collected and
analyzed using SmartPls application to evaluate the validity of the indicators, factors, as well as reliability. In addition,
quantitative methodology was used to carry out factor analysis by applying CB SEM [30].

Figure 1 shows that the research started with the definition stage, where a literature review was conducted to identify
the gaps in previous investigations such as variables and relationships. In the second stage, a model was developed,
followed by hypothesis development. The third stage included creating indicators in the form of questionnaires and
collecting data from respondents. In the fourth stage, the validity and reliability of the model were examined. When
the model proved to be fit, the last step was to interpret the results of the analysis [31].

This research is important and useful for the industry as well as the development of theories specifically about VI
and customer behavior post-pandemic. The results show the changes that occur in customer behaviour towards VI
offering insights into the implementation strategy.
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Fig. 1 Research Methodology

B. Survey Methodology

Data were collected using the snowball sampling method due to the convenience of reaching respondents from
various cities. In addition, Google Form with a 6-point Likert scale was used for the questionnaire [32], [33]. All
respondents provided informed consent through the form after being fully informed about the purpose and key aspects
of this research.

C. Research Model Development Methodology

Research model was constructed based on a comprehensive review of existing literature. Gaps were identified in
previous works indicating the need for a better understanding of how different factors were connected. Consequently,
a new model was developed and applied. Data were collected from customer who made purchases after watching VI
during post-pandemic period, aiming to detect any shifts in behavior. In this context, the quantitative method was used
with SEM assisted by Lisrel application.

D. Research Model and Hypothesis Development

Research model was constructed based on a comprehensive literature review, focusing on OCE model to meet the
objectives. SOR method was used to guide the formation of the model and in the context of this research, the stimulus
was denoted as VI, organism represented the OCE model, while customer response corresponded to CT and APU
behavior as shown in Fig. 2.

0o
SEN
H2A-_|
H2B
H1A
H3A
INF
/
H4A
H1C_|
ENT
H4B.
H1D Y
H5A

Online Customer Experience

Fig. 2 Research Model Development

After constructing the model, the subsequent stage included hypothesis development which established the direct
relationships between VI and all factors. SEN factor was related to "the level of richness in representing a mediated
environment," and stimulating the senses. The online VI environment had limitations in providing a wide range of
sensory experiences, the use of imagery could evoke sensations. SEN played a crucial role in shaping the perception
of product performance as well as purchase intentions [25], hence, the following hypothesis was proposed:

Hia VI had a significant influence on SEN Factor.

Another major factor in the OCE model is INF, defined as the degree to which VI aids customer in making informed
purchase decisions. This requires thoughtful and conscious cognitive processing often including problem-solving. In
this research, INF captured the functional dimension and value of OCE, typically characterized by an impersonal,
outcome-oriented, and objective nature [25], [26], [27]. Therefore, the following hypothesis was proposed:

Hig VI had a significant influence on INF Factor.
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ENT was another crucial factor in OCE, irrespective of the direct contribution to a specific shopping task. The
factor represented the satisfaction obtained from the advertising experience, including the fun associated with online
shopping, which was beyond the mere act of making a purchase but a sense of fulfillment [30]. Consequently, the
following hypothesis was proposed concerning ENT as an important factor in OCE.

Hic VI significantly affected ENT Factor.

PRE refers to the degree of sociability and human connection facilitated by online VI. Previous research showed
that PRE improved perceived tangibility and promoted a sense of psychological closeness to a product. This factor
also had the potential to heighten pleasure and arousal during online shopping, thereby influencing purchase intent
and improving customer loyalty [25], [26], [27]. Therefore, social presence as a major factor induced the hypothesis:

Hic VI significantly influenced PRE Factor

OCE model is frequently used to explore the influence of internet environments, including online VI and websites.
This model contains four major factors that shape the experience of existing and potential customer, namely SEN,
INF, ENT, and PRE. Previous research stated that these factors improved CT in products and influenced the purchase
decisions of customer in the internet environment [25], [26], [27]. Therefore, the following hypotheses were proposed:

H»a SEN influenced CT.

Hg SEN influenced APU Factor.

H3a INF influenced CT.

Hjg INF influenced APU Factor.

Hia ENT influenced CT.

Hag ENT influenced APU Factor.

Hsa PRE influenced CT.

Hsg PRE influenced APU Factor.

H¢ CT influenced APU.

IV. RESULTS

Data were collected during the transitional period, indicating the continuous influence of pandemic and government
regulations, such as social distancing. However, social activities were permitted providing that the people followed
health protocols. The timeline of COVID-19 pandemic started with Indonesian presidential decree issued on March
2, 2020, [34] and concluded with the decree marking the final stage on June 21, 2023, [35]. In this research,
respondents were users who made purchases after viewing advertising on social and e-commerce. The snowball
sampling method was used for data collection [32], ensuring a diverse respondent pool from various cities.

Figure 3 shows the survey data, which included responses from a total of 774 respondents. However, 15 data were
excluded due to being outliers, and 175 respondents did not purchase after viewing VI, leading to exclusion from the
analysis. This exclusion was necessary because the research focused on respondents who made purchases immediately
after watching VI. These adjustments produced the final dataset consisting of 584 respondents which included 147
males (25%) and 437 females (75%) [33]. Respondents who did not purchase the product after viewing VI provided
various reasons. Among the causes included 81 respondents who had no intention to purchase, 35 found the product
unattractive, 22 considered the price too high, 20 felt the product did not meet personal expectations, and 17 found
the explanation of the presenter uninteresting.

Respondents were distributed across different locations, with 88 each from Jakarta and various cities in Sumatra.
These cities included places in Sumatra (Aceh, Riau, Lampung, Jambi, Bangka, Belitung), 158 from West Java
(Bekasi, Bogor, Banten, Bandung, Tangerang, Serang), 103 from Central Java (Semarang, Yogyakarta, Wonosobo),
95 from East Java (Surabaya and Malang), as well as 52 from Sulawesi and Kalimantan. The validity calculation of
the indicators and factors was assessed using Lisrel application.

= Female = Male

Fig. 3 Response based on Gender
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Table 1 shows the calculation results, implying that all indicators and factors used were considered valid. This
validity was evident from Average Variance Extracted (AVE) value, which exceeded the threshold of 0.50. The
reliability of the factors was observed through the value Cronbach Alpha, which surpassed 0.70. Therefore, it was
concluded that all the factors used were both valid and reliable [36], [37], [38]. Figure 4 shows an overview of the
results following the completion of the calculations. Figure 4 shows the results from the analysis conducted using
Lisrel application. Following these results, detailed results are shown in Table 2.

TABLE 1
VALIDITY AND RELIABILITY OF FACTORS
. . Construct
Variable  Indicators Standardized Loading Reliability AVE  Status
Factors (SLF)
(CR)
VII1 (Video Ads provide a detailed product overview) 0.57 0.26
VI VI2 (Video Ads make product attributes visible) 0.51 0.19  0.800 0.572  Reliable
VI3 (Video Ads informing how to use the product) 0.52 0.19
SEN1 (Video Ads increase product appeal) 0.74 0.42
SEN SEN2 (Video Ads increase seller appeal) 0.90 0.23  0.839 0.637  Reliable
SEN3 (Video Ads increase attraction to buy a product) 0.77 0.46
INF1 (Video Ads provide product information) 0.76 0.46
INF INF2 (Video Ads provide product feature information) 0.81 031 0.829 0.618  Reliable
INF3 (Video Ads provide detailed product information)  0.86 0.45
ENT1 (Video Ads as entertainment) 0.91 0.40
ENT2 (Video Ads as entertainment when explaining 091 034
ENT products) : : 0.875 0.700  Reliable
ENT3 (Video Ads where the seller explains the product, 091 032
as entertainment) : :
PRE1 (Video Ads feel real 0.86 0.30
PRE ( l o0 Ads feel real) 0.790 0.653  Reliable
PRE2 (Video Ads make your presence felt) 0.82 0.45
CT1 (Video Ads increase trust in a product) 0.83 0.54
CT CT2 (Video Ads increase trust in a seller) 0.94 0.49 0.837 0.631  Reliable
CT3 (Video Ads increase trust in a store) 0.87 0.33
APU1 (I bought the product after seeing the Video Ads)  0.98 0.68
APU APU2 (I watch Video Ads before I buy a product) 0.96 0.37 (847 0.650 Reliable
APUS3 (I bought a product after seeing the product 0.85 035
features on Video Ads) ) )
S o R
SEN ke
/ 285 |
\
0.19
14.45
INF 6'57/(
/ < N
= -
15.32 315 AN
vi >< )
16.67 ) 2%
~
™ ENT
5.90
15.08 | NS
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)
\ Zas?/
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R —
Online Customer Experience

---------» Rejected
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Fig. 4 Calculation Result of Model
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TABLE 2
CALCULATION RESULT

Hypothesis  Description t-value  Result

Hia vi 2> sen 0.72 14.45 Significant

His vi 2> inf 0.77 15.32 Significant

Hic vi 2> ent 0.76 16.67 Significant

Hip vi > pre 070 15.08 Significant

Hoa sen > ct 0.13 2.85 Significant

Hys sen > apu -0.01 -0.19 Not Significant
Hia inf > ct 0.70 6.57 Significant

Hig inf > apu 0.20 3.15 Significant

Hya ent > ct 0.27 5.86 Significant

Hys ent > apu 0.34 5.90 Significant

Hsa pre > «ct 0.20 5.86 Significant
Hsg pre > apu 037 5.87 Significant

Hs ct > apu -0.01 -0.15 Not Significant

Online VI had a significant effect of 72% on SEN, 77% on INF, 76% on ENT, and 70% on PRE. SEN had an
important influence of 13% on CT but did not affect APU. INF significantly influenced 70% of CT as well as 20% of
APU. ENT had a significant effect of 27% on CT and 34% on APU, while PRE had a substantial influence of 20% on
CT as well as 37% on APU. However, in this research, CT did not influence APU. Table 3 shows detailed calculations
of the model fit, another outcome of CB SEM.

TABLE 3
MODEL FIT CALCULATION RESULTS

Description Cut off value  Result  Description

RMSEA <0.05 0.042  Good
Absolut

RMR <0.05 0.025  Good

AGFI 09> 0.93 Good

NNFI 09> 0.99 Good

NFI 09> 0.99 Good
Incremental

RFI 0.9> 0.98 Good

TFI 0.9> 0.99 Good

CFI 09> 0.99 Good

PNFI 0.6-0.9 0.67 Good
Parsimony PGFI 0.6-0.9 0.59 Fair

GFI min 0.9 0.96 Good

Based on the calculation, the model fit obtained was considered favorable. In the context of SEM method, an
important element is the measurement of model fit [39]. The measurement results showed that Absolute Fit Indices,
explaining how well the model fit the data, were satisfactory. The major indicators used for this assessment were
RMSEA (Root Mean Square Error Approximation) and RMR (Root Mean Residual), both of which met the required
cut-off value. In addition, other indicators describing Incremental Fit Indices such as AGFI (Adjusted Goodness-of-
Fit Index), NNFI (Non-Normed Fit Index), NFI (Normed Fit Index), RFI (Relative Fit Index), IFI (Incremental Fit
Index), CFI (Comparative Fit Index), also met the required cut off value. For Parsimony Fit Indices which included
PNFI (Parsimonious Normed Fit Index), PGFI (Parsimony Goodness-of-Fit Index), and GFI (Goodness of Fit Index),
the measurement showed that PNFI and GFI values were satisfactory, while PGFI value was considered quite good
[39].

V. DISCUSSION

Previous research showed that VI affected various aspects of the OCE model, including SEN, INF, ENT, and PRE
factors [6]. Similarly, this research found that VI significantly influenced all aspects of the OCE model. There was a
deviation from previous research, as the results showed that CT had no significant influence on APU [6]. This position
was highly plausible, considering that other explorations stated the prevalence of fraud in digital advertising [14],
[15]. Therefore, it was concluded that the decision to purchase a product did not solely depend on CT in online VI.
Other factors, such as the experience during COVID-19 pandemic and the specific products preferred by customer
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also played a significant role in the decision-making process. Previous research stated that earlier shopping
experiences influenced CT, as the absence of such encounters led to the lack of influence on APU factors [14]. This
result was attributed to the high number of first-time users engaging in online shopping, specifically during pandemic.

SEN factor did not influence APU, which was attributed to the discrepancy between the described and the real
products [33]. Research has shown the need for online VI content improvement, particularly in product explanations
and visual representation, to minimize customer doubts and support the actual commodity. This improvement is
important because customer is less influenced by sensory factors in purchasing decisions of customer due to the
acquired experience and familiarity with the products to be purchased.

VI had a significant effect on the level of INF, with a staggering 77% influence as shown in Table 2. The results
showed that CT in VI increased significantly, influencing the decision to purchase the product. Informative content
greatly influenced CT, with a 70% effect but the influence of INF on APU was relatively small, at only 20%. VI also
significantly affected ENT industry, with a 76% influence. There was a significant shift in customer behavior where
the discomfort caused by advertising fraud as reported in previous research [14] had diminished. In relation to this
discussion, CT in VI had risen considerably post-pandemic.

The influence of ENT on CT was relatively low reaching only 27%, while a modest effect of 34% was observed on
APU. However, VI had a significant influence on 70% of the PRE factor, which had only a 20% effect on CT and a
37% influence on APU. These results showed that the increase in new users due to pandemic had reduced the influence
of CT on APU concerning online VI [40]. VI significantly affected the OCE model, with an impressive average value
of 73.75%. The model influence on CT was relatively low, at 32.5%, and even less effect on APU, at 22.75%.
Customer appeared to have become more cautious about VI, possibly due to increased awareness of fake advertising
and digital risks as reflected in the minimal effect on CT and APU. This research identified challenges with VI content,
including failure to persuade customer, particularly those without previous purchase experience [6], and the
descriptions that did not accurately represent the real products [41], hence, SEN factor did not influence APU.

This research showed important shifts in customer behavior and CT factors post-pandemic, which had directly
affected APU decisions. VI significantly influenced 72% of SEN, but this factor did not affect purchase decisions.
Previous research during pandemic showed that SEN affected purchases [42] but the results indicated a difference in
customer behavior post-pandemic. Customer might have become more familiar with VI, leading to a shift in
purchasing decisions where SEN was no longer a primary factor. In addition, SEN had only a minimal influence on
CT, with a modest effect of 13%. This influence might be due to customer developing a better understanding of VI
and becoming more aware of the positive and negative effects. Following COVID-19 pandemic, many users had
experienced decreased CT in VI [43]. This research found that the reduction in budgets for VI was due to the minimal
influence on CT and APU, affecting sales in the sector.

VI. CONCLUSIONS

In conclusion, this research showed that online VI significantly influenced the transition period from COVID-19
pandemic to post-pandemic period. Specifically, the shifting of customer habits in purchasing online was influenced
by VI during COVID-19 pandemic. Based on the results, SEN did not affect APU, potentially due to lingering doubts
concerning the advertised products. CT had no direct influence on APU, which was attributed to limited prior OCE,
particularly among new users who surfaced during COVID-19 period, as well as skepticism towards advertised
products. Moreover, there was a shift in behavior relating to VI, propelled by customer becoming more aware of the
potential risks associated with digital advertising. These results showed the need for the industry to improve the
content of online VI, particularly by providing accurate product explanations to instill customer confidence. The
information provided is very useful in the application of VI as well as the theoretical development of customer
behavior.

Further research should build on the identified factors and explore additional variables not considered. This research
theoretically examined the shifts in customer behavior towards VI before, during, and post-pandemic. During
pandemic, VI became the primary method of communication due to the absence of face-to-face meetings. Therefore,
there was a heightened awareness of the risks associated with VI. The results showed that customer would exercise
greater caution towards VI post-pandemic, as evidenced by low levels of CT (20%) and APU (37%). A practical
understanding of the current declining budgets for VI was provided. The industry should recognize this trend and
adjust VI budgets accordingly.
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