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Abstract 

  

Background: In 2021, food delivery apps users in Indonesia reached the world highest number amounting 74.4% 

users. The main reason is the implementation of COVID-19 health protocol in Indonesia which limits outdoor 

activities. However, the COVID-19 pandemic situation in Indonesia indicates that COVID-19 is in the final phase 

of moving towards endemic or can be called a Semi-endemic phase since Indonesia government regulations, 

regarding COVID-19 health protocol, are getting loose by allowing people to do outdoor activities. 

Objective: This study aims to examine the relationship between the variables in Theory of Planned Behavior 

(TPB), which consists of; attitude, subjective norms, perceived behavioral control and trust, and perceived risk in 

predicting online food delivery behavioral intention during the Semi-endemic period in Indonesia. 

Method: This study adopts a quantitative research which employs 303 respondents who filled out an online 

questionnaire about food delivery applications usage for three months starting in July 2022. 

Results: Attitude, perceived behavioral control, and trust are positively and directly influencing the usage 

intention, while subjective norms do not. There were two risk variables, namely privacy risk and COVID-19 risk, 

which had a significant impact on consumers’ online food delivery usage intention. 

Conclusion: Based on TPB, trust, and risk, this study showed that attitude, perceived behavioral control, trust, 

COVID-19 risk and privacy risk are significant in influencing online food application usage intentions in Indonesia 

during the semi-endemic period.  

 

Keywords: online food delivery; online food delivery usage intention; perceived risk; semi endemic; theory of 
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1. Introduction 

Pandemic refers to a widespread contagious disease which occurs worldwide or over a specifically 

large area, which brings negative impacts on many aspects of the life of a greater population (Qiu et al., 

2017). WHO stated that there are 6 phases of pandemic which are followed by post peak phase and are 

ended with post pandemic phase, according to the pandemic caused by influenza (World Health 

Organization, 2009). During the post peak phase, the spread of pandemic virus will constantly drop from 

the peak, which will cause surveillance in the respected country to be lowered. Post peak phase does not 

guarantee that a country will not undergo any additional pandemic waves. In the post pandemic phase, 

the spreading activity of virus will go back to normal and will be seasonal, for example influenza virus 

which has now become a seasonal virus.  

The COVID-19 pandemic situation in Indonesia showed that COVID-19 was in the final phase of 

moving towards endemic. However, Indonesia’s situation is yet to be categorized as endemic and would 

be more suitable to be called a Semi-endemic phase (Mochtar, 2022). The Semi-endemic phase 

resembles the post peak phase of the previous influenza virus spread, as COVID-19 pandemic virus 

spread was constantly dropping from the peak of the pandemic, though there is still a probability for the 

next COVID-19 pandemic outbreak to emerge. Government regulations regarding COVID-19 health 

protocol within Indonesian society are getting loose. It is shown by the absence of compulsory use of 

masks for outdoor activities and by the minimum requirement of COVID-19 tests (antigen and PCR) 

for domestic and international travel (Kementerian Kesehatan RI, 2022) despite there are still some 

obligatory health protocols, such as using masks in indoor areas (Azizah, 2022) which was done to keep 

monitoring COVID-19 pandemic spreading and to prevent additional pandemic waves. 

Since the outbreak of the 2019 Novel Coronavirus (2019-nCoV), later titled by The World Health 

Organization (WHO) as COVID-19, people’s lives have changed in many aspects (Jaja et al., 2020). 

COVID-19 has affected Indonesia significantly as the world's 4th largest country in the world (Djalante 

et al., 2020). Azanella (2020) stated that there has been a decrease in the level of mobility in Indonesia, 

which has decreased in amount of 37% from normal conditions. This decrease in mobility also resulted 

in the low amount of dine-in activity. Therefore, there is an increase in purchases using food delivery 

applications. 

Rakuten (2020) showed that 41% of 5,664 respondents used food delivery apps during the pandemic 

more often. Food delivery apps users in Indonesia reached the world highest number amounting 74.4% 

users of all internet users (Kemp, 2021). The implementation of health protocol which limits outdooe 

activities contributes to the rise of food delivery apps usage.Rakuten Insight (2020) discovered that 71% 

of 2,303 respondents stated that the reasons for purchasing food online are due to social distancing and 

to minimize outdoor activities duration during COVID-19 in Indonesia. 

The easing of government regulation on COVID-19 health protocol allows people in Indonesia to do 

outdoor activities. On the other hand, people have been accustomed to do various online activities, such 

as ordering food. The transition to the Semi-endemic period will again affect consumer behavior. This 

change in behavior and the factors affecting it are going to be investigated using the Theory of Planned 

Behavior (TPB) combined with Perceived Risk. This phenomenon raises a main question: How are the 

factors of TPB and Perceived Risk affecting online food delivery intention during the Semi-endemic 

period? 

TPB explains that attitude, subjective norms, and perceived behavioral control has influence over 

behavioral intention (Ajzen, 1991). Hamid et al. (2023) in their research found that trust also acts as a 

factor by having significant effect on predicting behavioral intention. Poon & Tung (2022) connected 

behavioral intention with perceived risk, which consists of performance risk, privacy risk, financial risk, 

physical risk and COVID-19 risk. These 5 components are identified in affecting online purchasing 

habits by Featherman & Pavlou (2003) and Han & Kim (2017). This research paper explores the effect 

of TPB factors, perceived risk, and trust on online food delivery use in Indonesia on transition to the 

endemic era or is known as Semi-endemic COVID-19 period. There has been only a limited amount if 

not none of research that digs into the effect of factors of TPB and perceived risk on behavioral intention 

especially in the Semi-endemic period. Therefore, this research would contribute to the field of 

knowledge by combining factors in TPB with trust and perceived risk in predicting online food delivery 

behavioral intention during the Semi-endemic period in Indonesia. 
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2. Literature Review 

2.1. Online Food Delivery Usage Intention and TPB 

Mokhtaret al. (2018) defined behavioral intention as customers’ experiences that they have had 

previously. It refers to the customer’s positive experience that leads to their willingness to revisit in the 

future and remain loyal (E. L. Kim, 2012). Customers’ utilization of online food delivery apps in 

ordering food and beverages worldwide has surged remarkably. This rise of popularity is supported by 

the fact that consumers choose and purchase from an extensive selection to fulfill their needs, whether 

personally or socially (Cho et al., 2019). This leads to the practice of consumers having online purchase 

behavior (George, 2004). Online purchase behavior can be defined as the intention of individuals to 

purchase products online (Chen et al., 2010) and according to Pavlou (2003), online behavioral intention 

is how much consumers use online stores to make a purchase of a product. To align the terms with the 

object of behavior study, which is the online food delivery application, this paper will address online 

behavioral intention as online food delivery usage intention. 

Many studies in various settings have used theory of planned behavior (TPB) to predict consumer 

behavioral intention (De Pelsmaeker et al., 2017; Piroth et al., 2020a; Venkatesh et al., 2003) Ajzen 

(1991) originally explained TPB as the way intention can be used in predicting and people would behave 

in a certain way if they think such behavior would produce certain outcomes that align with their values. 

Hamid et al. (2023) explored the effect of food and beverage behavioral intention using TPB and the 

influence of trust as an additional factor. Since the spread of COVID-19, trust issues arise in food and 

beverage order that affect on consumer’s purchase intention (Attar et al., 2021). 

Additionally, perceived risk theory can also be used to explain consumer behavioral intention. 

Perceived risk is the expected loss of an action, which is important in determining consumer purchase 

intention (Schierz et al., 2010). Poon & Tung (2022) associated risk factors with purchase intention, 

which if the perceived risk increases, consumers’ purchasing intention would be decreased. According 

to Zhao et al. (2017) and Kim & Lennon (2013), consumers would unlikely purchase products online if 

they perceive that online is risky. Therefore, the consumer's intention to buy online depends in 

accordance with the perceived risk. Poon & Tung (2022) further explain perceived risk includes several 

factors such as; performance risk, financial risk, physical risk, privacy risk, and COVID-19 risk. 

The conceptual framework for this research was developed from two earlier studies that examined 

the variables influencing online food delivery usage intention. Hamid et al. (2023) examined the factors 

of online food delivery usage intention using Theory of Planned Behavior (TPB) and trust. The Theory 

of Planned Behavior (TPB) variables (attitude, subjective norms, and perceived behavioral control) 

influence online food delivery usage intention positively, which means the greater the TPB variables, 

the higher the online food delivery usage intention will be. Furthermore, this research also examines 

perceived risk factors such as performance risk, privacy risk, financial risk, physical risk, and COVID-

19 risk. According to Poon & Tung (2022) research, perceived risk factors are expected to have a 

negative influence on online food delivery usage intention. This research follows a conceptual 

framework as can be seen on Figure 1. 
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Figure 1. Conceptual Framework 

2.2 Attitude 

Attitude is a feeling a person has, whether positive or negative, towards the effect of performing a 

behavior (Fishbein & Ajzen, 1975). Quevedo-Silva et al. (2016) discovered that attitude is one of the 

essential determining factors of behavioral intention. Moreover, Widayat & Arifin (2020) found that the 

variable attitude significantly affects consumer’s preferences and intentions in buying food. Especially 

during COVID-19, Güney & Sangün (2021) found that there is a significant change in food consumption 

behavior. The change in consumers’ buying behavior is caused by social distancing and lockdown 

restrictions (Larios-Gómez et al., 2021; Sheth, 2020). These previous studies indicated that attitude 

influences consumers’ behavior and COVID-19 period has altered consumer’s behavior. This study 

further presumes that: 

 

H1: Attitude has a positive influence on online food delivery usage intention during Semi-endemic 

period. 

2.3 Subjective Norms 

According to Mathieson (1991), subjective norms represent the perceived attitudes of “referent 

others”. A "referent other" is a person or group whose beliefs are essential to the individual (Mathieson, 

1991). The subjective norm (SN) is also an essential component that affects behavioral intention which 

is defined as "the perceived social pressure to do or not execute the action" (Ajzen, 1991). Another key 

definition provided by Fishbein & Ajzen (1975) is "the person's judgment that most individuals who are 

important to him believe he should or should not execute the conduct in issue". Poon & Tung (2022) 

stated that in the current setting, customers' behavioral intentions in using online food delivery 

applications are influenced by the perceived attitude of reference individuals such as family and friends. 

As a result, it is considered when using online food delivery applications (Ray et al., 2019). Previous 

studies showed that there is a correlation between subjective norms and behavioral intention in using 

online food delivery (Hansen et al., 2004; Piroth et al., 2020b). Based on these findings, this study 

assumes: 

 

H2: Subjective Norms have a positive influence on online food delivery usage intention during the Semi-

endemic period. 

2.4 Perceived Behavioral Control 

Perceived behavioral control (PBC) describes how much control that a person has over their behavior 

(Ajzen, 1991). Mathieson (1991) explained that PBC is the ability, knowledge, resources, and 
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opportunities a person has in using online food delivery. According to Hansen et al. (2004), the 

relationship between PBC and behavioral intention in using online food delivery apps can be seen in a 

positive manner based on data surveys collected from Danish and Swedish consumers. Moreover, Piroth 

et al. (2020) through questionnaire data from Southern Germany supports the positive relationship PBC 

and behavioral intention has in using online food delivery apps. Based on the findings, the third 

hypothesis of this study is: 

 

H3: Perceived Behavioral Control has a positive influence on online food delivery usage intention during 

Semi-endemic period. 

2.5 Trust 

Trust is an important factor in determining behavioral intention (Schurr & Ozanne, 1985). Jarvenpaa 

et al. (2000) explained that customers are hesitant to make online transactions due to a lack of trust, 

which has been a major hurdle to the adoption of e-commerce (Keen et al., 1999). Alagoz & Hekimoglu 

(2012) found that trust increases people's perceptions of online food delivery. Furthermore, Nilashi et 

al. (2015) stated that trust has an enormous effect on the decision whether to use online shopping. Ashraf 

et al. (2019) and Alagoz & Hekimoglu (2012) have also analyzed the effect of trust on behavioral 

intention. Cho et al. (2019) also discovered a positive relationship trust and behavioral intention have in 

online food delivery. Based on the findings, the fourth hypothesis of this study is: 

 

H4: Trust has a positive influence on online food delivery usage intention during Semi-endemic period. 

2.6 Performance Risk 

The initial issue of online food delivery is performance risk. Performance risk is the possibility of 

incurring losses unless the service does not function or perform as intended (Horton, 1976). Online food 

delivery services are most probably handled by an amateur delivery person, which would cause an 

unsatisfactory delivery service, as opposed to dining in a restaurant or taking out. According to Forsythe 

& Shi (2003), ordering goods or services online without first holding, tasting, seeing, or feeling them 

may raise the degree of performance risk perceived by customers. Poon & Tung (2022) stated that 

previous research has consistently found that online food delivery purchasers more likely receive 

negative experience. Based on these findings, H5 is proposed as follows: 

 

H5: Performance risk has a negative influence on Online Food Delivery Usage Intention during Semi-

endemic period. 

2.7 Privacy Risk 

Companies in the online food delivery industry may retain sensitive data through the online 

applications, which would increase the probability of being hacked. Fortes & Rita (2016) discovered 

that privacy concerns had a negative influence on trust, behavior, and online purchase intention. Privacy 

risks relate to the potential for a customer’s personal information to be leaked or used inappropriately 

by a dishonest person (Forsythe & Shi, 2003). According to Poon & Tung (2022), online food delivery 

users have a greater chance of getting unauthorized access to information that might affect the user 

because all online food delivery transactions are done online. Because of this, consumers’ intentions and 

desires to use online food delivery services might be disrupted by privacy risk. Based on this discussion,  

H6 is proposed as follows: 

H6: Privacy risk has a negative influence on Online food delivery usage intention during Semi-endemic 

period. 
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2.8 Financial Risk 

According to Horton et al. (1976) financial risk is the probability of loss happening to consumers 

financially as a result of inappropriate purchase of product and services online.  It includes the likelihood 

that options for cheaper products or services exist (Lu et al., 2005) or the product/service received by 

customers is not worth the price they are required to pay (Schiffman & Kanuk, 2018). Moreover, if 

consumers have low perception value on the online apps, they would more probably consider that the 

online food delivery is financially risky (L. H. Kim et al., 2005). This leads to financial risk becoming 

the uncertainty factor regarding the outcome of a purchase, leading to increased reluctance to engage in 

purchase activities (Forsythe & Shi, 2003), which means financial risk negatively affects purchase 

intention (S. Ali et al., 2020). Therefore, in accordance with previous studies H7 is formed as follows: 

 

H7: Financial risk has a negative influence on Online food delivery usage intention during the Semi-

endemic period. 

2.9 Physical Risk 

González Mieres et al. (2006) explained physical risk as the state of fear following buying actions of 

certain products to health or physical injury a person might get. In case of online food delivery, there 

are some forms of physical risk consumers might encounter. Consumers' geographical location would 

be shared real-time so that consumers would be more concerned about safety (Nguyen & Vu, 2020). 

Poon & Tung (2022) found that physical risk affects consumer intention to engage in online food 

delivery services in a negative manner and hence H8 is proposed as follows: 

 

H8: Physical risk has a negative influence on Online food delivery usage intention during Semi-endemic 

period. 

2.10 COVID-19 Risk 

According to the World Health Organization (WHO), Coronavirus disease (COVID-19) is an 

infectious disease caused by the SARS-CoV-2 virus and can cause most people who are infected to 

experience mild to moderate respiratory illness and recover without requiring special treatment. 

COVID-19 risk relates to the perception of contracting COVID-19. It includes the concern of contacting 

the delivery person which could add to a bigger chance of contracting COVID-19 (Nguyen & Vu, 2020). 

Ali et al. (2019) stated that consumers’ perception about COVID-19 greatly affects their purchase 

decision despite the actual risk of the disease. Poon & Tung (2022) raised the concern that food delivery 

people would expose online food delivery customers and raise the potential of contracting COVID-19. 

Hence, H9 is proposed as follows: 

H9: COVID-19 risk has a negative influence on online food delivery usage intention during Semi-

endemic period. 

3. Method 

3.1 Sample / Participants 

The participants aimed for the research span for those Indonesia domiciles who had used online food 
delivery apps during April-July 2022. The online food delivery apps included for this research are 
GoFood, Grab Food, Shopee Food, Traveloka Eats, and other delivery apps that are privately owned by 
any restaurant brands (i.e., McDelivery Indonesia App by McDonald’s, Pizza Hut Indonesia App by 
Pizza Hut, Domino’s Pizza Indonesia App by Domino’s Pizza, Burger King Indonesia App by Burger 
King, Bakmi GM App by Bakmi GM, KFCKU by KFC and others). 
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3.2 Instrument(s) 

The questionnaire used in this study was intended to measure a total of 9 independent variables and 
1 dependent variable containing a total of 38 measurement items. This study adopts previous studies’ 
measurement items, namely 3 TPB variables which are attitude, subjective norms, and perceived 
behavioral control; 1 trust variable; and 1 online food delivery usage intention variable which was 
adapted from Hamid et al. (2023). Meanwhile, the 5 perceived risk variables were adapted from Poon 
& Tung (2022), which are performance risk, privacy risk, financial risk, physical risk, COVID-19 risk. 
Some of the measurement item sentences were partially changed without changing the meaning of the 
sentences. As the respondents of this questionnaire are Indonesians, the questions were translated into 
Indonesian. These changes were made to help respondents understand the research questions and the 
research objectives can be achieved. Measurement items will be listed in the appendix. This 
questionnaire uses a 7-point Likert type scale A, in which a scale of 1 means strongly disagree, and a 
scale of 7 means strongly agree.  According to Diefenbach et al. (1993), the seven-point item scale 
emerged as the best overall and was rated as the most accurate and simplest to use by respondents. 

3.3 Data collection procedures 

An online questionnaire created through Google forms was used in this study to obtain data. The 
respondents of this research are customers who have experience using food delivery applications in 3 
months starting from July 2022. The questionnaire access link was posted on social media networks 
such as WhatsApp and Instagram from July 9th, 2022 to August 4th, 2022. By the time the questionnaire 
was distributed until it was closed, the new daily cases of COVID in Indonesia reached its peak on July 
27, 2022, which reached 6,438 new cases per day. This figure is far below the peak of COVID-19 cases 
in February 2022 which reached 61,488 new daily COVID-19 cases (CSSE John Hopkins University, 
n.d.). Beside that, a research by Southeast Strategics shows that GoFood is the main preference of 
consumers in Indonesia for using food delivery applications, followed by ShopeeFood in the second 
position, and GrabFood in the third position (Putri, 2022).  

3.4 Data analysis 

Software Statistical Package SPSS version 26 was used for analyzing the data. To see the 
demographic characteristics of the respondents, descriptive statistical analysis was conducted. 
Exploratory Factor Analysis (EFA) was used to extract factors and confirm the conceptual basis of the 
variables or test the validity. Furthermore, Cronbach's Alpha was used to test the reliability of the 
variables. And lastly, multiple regression analysis was used to test the magnitude and significance of the 
relationship between the independent variable and the dependent variable. A total of 333 responses were 
originally received, but the study only investigates 303 responses due to the absence of responses and 
inconsistent values on the rest of the excluded responses. 

4. Results

4.1. Demographic Profile of Respondents 

Based on the demographic analysis of the respondents, it is known that the population of respondents 

consists of 50.50% males and 49.50% females. Regarding age, 74.3% of participants were aged 18-27 

years and 10.2% were under 18 years of age. The majority of respondents live in the Jabodetabek area 

(64.4%) and work as employees (50.5%) and students (34.7%). Most of the respondents were unmarried, 

84.8%, while 14.5% were married. For educational background, 69.6% have undergraduate education, 

15.5% are still in high school and 13.2% are postgraduates. A total of 38.9% of respondents have a 

monthly income below IDR 4,999,999 and 28.4% of respondents order food and drinks 6–10 times a 

month using a food delivery application. In addition, 87.1% of respondents use GrabFood, 85.8% use 

GoFood, and 44.5% use ShopeeFood for food delivery applications.A good way to organize and discuss 

your research findings is to restate the hypotheses – research questions, one by one, and present the data 

collected to test each of them. It is your decision as to what data to present in a narrative form and what 

to present in tables or figures. Very often, the tables and figures are accompanied by a narrative 

explanation. You do not need to describe in words everything presented in a numerical or visual form. 
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Instead, take the reader through the numerical and visual information. As the author, you should 

highlight the main findings, point to trends and patterns, and guide the reader through the information 

you present. For example, in a table displaying results from four independent-samples t tests, you can 

state that the second t value, which was used to test the second research hypothesis, was statistically 

significant at p < .01, and that the mean of the experimental group was eight points higher than the mean 

of the control group. You do not need to repeat in the narrative all the numerical information reported 

in the tables. Or, suppose your Results chapter includes a double-bar graph that is used to show trends 

and differences in the percentages of male and female teachers in preschool, elementary school, and 

high school. You may explain that the trend is for the percentage of male teachers to increase with grade 

level, whereas the percentage of female teachers decreases from preschool to high school. 

4.2. Descriptive Statistics 

Descriptive Statistical Analysis was conducted to see the mean and SD of each variable. The mean 

value of all variables ranged from 3.291 to 6.576. Meanwhile, the standard deviation ranges from 0.624 

to 1.504. Of all the variables, Perceived Behavioral Control (PBC) has the highest mean value (6.576) 

and Physical Risk (PR) has the lowest value (3.291). Subjective Norms (SN) shows the highest standard 

deviation (1.504), while Perceived Behavioral Control (PBC) shows the lowest (0.624). The lower the 

standard deviation value, the closer to the average value, whereas if the standard deviation value is 

higher, the wider the range of data variations (Lee et al., 2015). 

Table 1. Descriptive Statistics 

 

Variable 

Construct 
Mean SD 

Variable 

Construct 
Mean SD 

ATT 6,3791 0,75722 FR 4,0276 4,0276 

SN 5,149 1,50433 PRR 1,13356 1,13356 

PBC 6,5762 0,62481 PER 4,5762 4,5762 

TRU 6,2757 0,7515 COR 1,30786 1,30786 

PR 3,2914 1,39334 BI 4,2508 4,2508 

4.3. Measurement Model 

This research combines 2 previous studies which were modified to achieve the research objectives. It is 

important to ensure that the measuring instrument used must be able to measure the variables accurately. 

Therefore, it is necessary to assess the "goodness" of the developed measure and be reasonably sure that 

the instrument measures the variable that it is supposed to, and measures it accurately (Bajpai & Bajpai, 

2014). According to Sekaran & Bougie (2009), reliability and validity are the two main criteria for 

evaluating a measurement tool.  

4.4. Validity 

Validity is a test of how well the developed instrument/variable can accurately measure a certain 

concept (Bajpai & Bajpai, 2014). One method that evaluates the construct validity of the instrument is 

factor analysis. The factor analysis used in this study was exploratory factor analysis (EFA). Exploratory 

factor analysis is a statistical approach that can be used to analyze interrelationships among a large 

number of variables and to explain these variables in terms of their common underlying factors (Hair et 

al., 2019). However, before conducting an exploratory factor analysis test, it is necessary to measure the 

Sampling Adequacy and Bartlett's Test. Measure of Sampling Adequacy and Bartlett's Test of Sphericity 

were executed to determine construct validity and to confirm that the data collected for an exploratory 

factor analysis were appropriate.Measure of Sampling Adequacy was used to measure the degree of 

intercorrelation between variables and the accuracy of exploratory factor analysis. The KMO statistic is 

a Measure of Sampling Adequacy, both overall and for each variable (Cerny & Kaiser, 1977; Dziuban 

& Shirkey, 1974; Kaiser, 1970). According to Hair et al. (2019), Measure of Sampling Adequacy index 
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based on KMO test, ranges from 0 to 1, with the following guidelines: 0.80 or higher, is meritorious; 

0.70 or more, means tolerable; 0.60 or more, means mediocre; 0.50 or higher, means pathetic; and below 

0.50, it is not acceptable. Therefore, this research uses the Kaiser-Meyer-Olkin (KMO) measure of 

sampling adequacy which has a criterion value above 0.50 or in the range of 0.70 to 0.80 to be considered 

as good.   

The next thing to be done is the Bartlett Test to determine the feasibility of exploratory factor analysis 

that tests the entire correlation matrix. Statistically, the significance test of Bartlett sphericity is a sig 

value or p-value below 0.05, which indicates that there is sufficient correlation between variables to 

continue (Hair et al., 2019). In this study, 10 variables had eigenvalues above 1 which corresponded to 

the number of variables (9 independent variables and 1 dependent variable), then the assumption test 

results for all measurement items were carried out simultaneously. The KMO value of this study was 

0.851 and had a significant Bartlett test (p = 0.000). This indicates that the assumptions are met and the 

sample is adequate to carry out the factor analysis. Furthermore, in this study, the loading factor of each 

variable ranged from 0.686 to 0.903. Since there is only one factor that loads value below 0.7 and the 

majority are greater than 0.7, it can be considered as an indication of a well-defined structure (Hair et 

al., 2019). The KMO and Bartlett test results are shown in Table 2 and the factor loading value of each 

variable can be seen in Table 3.  

Table 2. KMO and Sig Result 

 

Kaiser-Meyer-Olkin Measure of Sampling Adequacy 0,851 

Barlett's Test of Sphericity 

Approx. Chi-Square 9581,593 

df 703 

Sig. 0,000 

4.5. Reliability 

This research analyzes the Cronbach’s Alpha coefficient to determine the internal consistency of the 

measurement items comprising each variable or construct in order to check the reliability. According to 

Sekaran & Bougie (2009), for the purpose of evaluating a concept, the consistency of the measurement 

items must be seen through this reliability measurement. Hair et al. (2019) and Nunnally (1978) stated 

that Cronbach’s Alpha has a commonly accepted a lower limit of 0.7, however a lower limit of 0.6 can 

be utilized for exploratory study. The Cronbach’s Alpha value for each variable in Table 3 is in the range 

of 0.726 to 0.962, exceeding the lower limit and indicating the stability and consistency of the 

measurement items used to assess conceptions in each of the existing variables.  
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Table 3. Reliability and Convergent Validity 

 

Variable Items 
Factor 

Loading 

Cronbach's 

alpha 
Variable Items 

Factor 

Loading 

Cronbach's 

alpha 

Attitude (ATT)   0,901 Financial Risk (FR) 0,726 

  ATT1 0,796     FR1 0,833   

  ATT2 0,789     FR2 0,835   

  ATT3 0,782     FR3 0,668   

  ATT4 0,729      

Subjective Norms (SN) 0,939 Privacy Risk (PRR)  0,813 

  SN1 0,879     PRR1 0,807   

  SN2 0,867     PRR2 0,757   

  SN3 0,903     PRR3 0,666   

  SN4 0,884     

Perceived Behavioral Control (PBC) 0,889 Performance Risk (PER) 0,877 

  PBC1 0,741     PER1 0,686   

  PBC2 0,704    PER2 0,864   

  PBC3 0,728     PER3 0,847   

  PBC4 0,841     PER4 0,846   

  PBC5 0,846     

Trust (TRU)   0,908 COVID-19 Risk (COR) 0,895 

  TRU1 0,766     COR1 0,79   

  TRU2 0,794     COR2 0,865   

  TRU3 0,832     COR3 0,823   

  TRU4 0,829     

Physical Risk (PR)   0,918 
Online Food Delivery Usage Intention 

(BI) 
0,962 

  PR1 0,841     BI1 0,877   

  PR2 0,881     BI2 0,901   

  PR3 0,888     BI3 0,891   

 PR4 0,77   BI4 0,869  

        

4.6. Regression Analysis 

4.6.1. Multicollinearity Statistics 

Prior to undertaking regression testing, it is necessary to check for the multicollinearity issues. The 

correlation between independent variables can affect the ability to predict independent variables. 

According to Hair et al. (2019), the stronger the correlation between the independent variables, the lower 

the independent variables’ unique variance and predictive potential. Furthermore, the tolerance value 

and VIF are two metrics that may be used in multicollinearity testing.  

Subsequently, the tolerance value is the degree of prediction accuracy of the independent variable 

that is not predicted by other variable independents, which in other words, reflects the independent 

variable’s distinctive variance. Besides, the VIF value is the inverse of the tolerance value. In general, 

a multicollinearity issue is indicated by a tolerance value up to 0.1 or a VIF value of 10 (Hair et al., 

2019). However, according to Brukya & Singh (2015), a VIF which less than 3 is seen as indication that 

there is no multicollinearity issue. The tolerance value in this research ranges from 0.528 to 0.913, while 

the range VIF value is 1.095 to 1.894, indicating that there is no multicollinearity issue (Table 4). 

 

 

 

 

 
  



144. Albirra et al. / TIJAB (The International Journal of Applied Business), 7(2) (2023) 134-151  

 

 

Table 4. Multicollinearity Statistics 

 

Variable Tolerance VIF Variable Tolerance VIF 

ATT 0,528 1,894 FR 0,913 1,095 

SN 0,717 1,395 PRR 0,592 1,689 

PBC 0,659 1,518 PER 0,707 1,414 

TRU 0,603 1,659 COR 0,614 1,628 

PR 0,628 1,593 FR 0,913 1,095 

 

4.6.2. Model Fit (Adjusted R Square) 

The importance of the prediction model is initially examined in order to test the fit model. The results 

of the ANOVA test showed that the predictive model was statistically significant with F (9,292) = 19.312 

and significant at p < 0.001. According to Hair et al. (2019), the coefficient of determinants (R2) is used 

to assess the accuracy of the regression’s model prediction by showing the combined influence of overall 

variate (one or more independent variables plus intercept) in predicting the dependent variable. On 

theother hand, the adjusted R2 value will be more valuable because it can represent overfitting and 

indicates that adding variables does not significantly improve prediction accuracy.   

The results of R2 and adjusted R2 in this study were 0.373 and 0.354 respectively. This means that 

the predictor variables, namely Attitude, Subjective Norms, Perceived Behavioral Control, Trust, 

Physical Risk, Financial Risk, Privacy Risk, Performance Risk, COVID-19 Risk, can explain 35.4% - 

37.3% of the total variance of the dependent variable, namely online food delivery usage intention. This 

value is relatively low where the expected coefficient of determination is higher and closer to 1, as it 

means that the ability to predict the dependent variable is better. The last test of the fit model is the 

autocorrelation assessment using the Durbin-Watson Test. In this study, the Durbin-Watson value was 

in 1.9831 or close to 2 where a value equal to 2 indicates no autocorrelation in the model (Bhukya & 

Singh, 2015).  

4.6.3. Parameter Estimates and Hypothesis Testing 

There are 9 independent variables hypothesized as H1, H2, H3, H4, which have a positive 

relationship to the dependent variable of online purchase intention and H5, H6, H7, H8, H9 which have 

a negative relationship to the dependent variable of online purchase intention. To see how much 

influence the independent variable has on the dependent variable, it is described by the standard 

coefficient value (β) as an estimation parameter. Multiple regression results can be seen in Table 5.  

There are 5 variables that have a sig value or p-value below 0.05, these variables consist of Attitude 

(β = 0.175, p < 0.05), Perceived Behavioral Control (β = 0.336, p < 0.05), Trust ( = 0.184, p < 0.05), 

Privacy Risk (β = 0.162, p < 0.05), and COVID-19 Risk (β = -0.147, p < 0.05). Out of the five variables, 

four of them namely; Attitude, Perceived Behavioral Control, Trust, and Privacy Risk variables have a 

positive relationship with the BI variable, while the last variable, namely COVID-19 Risk variable, has 

a negative relationship with the BI variable. In addition, for a positive relationship, the Perceived 

Behavioral Control variable has the highest beta value, followed by the Trust variable, the Attitude 

variable, and the Privacy Risk variable. While the COVID-19 Risk variable has a negative relationship 

with a beta value of -0.147. Therefore, the first variable that positively affects BI (Behavioral Intention) 

is the PBC (Perceived Behavioral Control) variable, then the second is the TRU (Trust) variable, the 

third is ATT (Attitude), and the fourth is the PRR (Privacy Risk) variable. The COR variable has a 

negative effect on BI, this shows that the higher the risk of COVID, the lower BI will use online food 

delivery services. 
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Table 5. Hypothesis testing 

 

Relationship Sig Std Betta t-value Result 

H1 : ATT --> BI 0,006 0,175 2,742 Supported 

H2 : SN   --> BI 0,453 -0,041 -0,751 Not Supported 

H3 : PBC --> BI 0,000 0,336 5,878 Supported 

H4: TRU --> BI 0,002 0,184 3,082 Supported 

H5 : PR   --> BI 0,182 0,078 1,338 Not Supported 

H6 : FR   --> BI 0,057 -0,093 -1,909 Not Supported 

H7 : PRR --> BI 0,008 0,162 2,687 Supported 

H8 : PER --> BI 0,752 -0,017 -0,317 Not Supported 

H9: COR --> BI 0,014 -0,147 -2,481 Supported 

5. Discussion 

Based on TPB and trust, this study discovered that attitude, perceived behavioral control and trust 
are affecting behavioral intention to order food using online food delivery significantly, while subjective 
norms are found to be insignificant. This is confirmed by previous study (Hamid et al., 2023; Mainardes 
et al., 2020), even though the result has changed to some extent due to the difference in the state of the 
pandemic.  

Perceived behavioral control (PBC) is discovered to be the strongest factor and has a significant 
positive effect on behavioral intention in using online food delivery during the Semi-endemic period. 
This contradicts the findings by Hamid et al. (2023) that PBC is neither significant nor positive to the 
behavioral intention. Bouarar et al. (2021) also stated that PBC did not have a significant impact on 
behavioral intentions, but subjective norms and COVID-19 factors had more impact on behavioral 
intentions using online food delivery services. Nonetheless, the positive relationship between PBC and 
the behavioral intention was evident in other research in other sectors (Esfandiar et al., 2019; Herrero 
Crespo & Rodríguez del Bosque, 2008; Yadav & Pathak, 2017) indicating that the more customer 
believe in their ability to control their behavior, the greater their behavioral intent, which in this case, 
would be using online food delivery during the Semi-endemic period.  

The second strongest variable is Trust, which showed that consumers still have relatively high 
concerns with COVID-19 while using online food delivery. Trust is revealed to have a positive effect 
on behavioral intention in using online food delivery during the Semi-endemic period. This implies that 
consumers’ willingness to use online food delivery services is influenced by their level of trust in online 
merchants and food delivery services. This finding is consistent with previous studies (Bouarar et al., 
2021; Hamid et al., 2023). 

Attitude was on the third position of the predictors of behavioral intention. Attitude affects the 
intention to use online food delivery during the Semi-endemic positively and this confirms results from 
previous studies (Hamid et al., 2023; Mainardes et al., 2020). Subjective norms are neither significant 
nor positive to the online food delivery usage intention. This indicates that consumers who have 
influencers in their lives (such as family, friends, and peers) do not significantly influence the consumer's 
decision to use online food delivery services and follow through on these intentions. This result is 
inconsistent with the findings of Hamid et al. (2023) and Bouarar et al. (2021) where subjective norms 
were found to be the third strongest variable of behavioral intention.This result is inconsistent with the 
findings of Hamid et al. (2023) where subjective norms were found to be the third strongest variable of 
behavioral intention. However, the result is consistent with the findings of Mainardes et al. (2020) and 
Duncan et al. (2015) that subjective norms do not appear to influence behavioral intention.  Subjective 
norms showed no significance towards behavioral intention due to the socio-demographics 
characteristics of the respondent being used in the study as a statistical resource. Similarly, this study 
also considers the socio-demographics characteristics that lead to the same result, which is the opinion 
of others that have an insignificant influence on the behavioral intention in using online food delivery 
during the Semi-endemic period (Mainardes et al., 2020). 
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This study has also explored the effect of perceived risk that influences consumers’ online food 
delivery behavioral intention during the Semi-endemic period in Indonesia. There were two risk 
variables, namely Privacy Risk and COVID-19 Risk, which had a significant impact on consumers’ 
online food delivery behavioral intention. COVID-19 risk has a negative effect on the use of food 
delivery applications, but interestingly Privacy Risk has a positive effect on the use of food delivery 
applications. This shows that the higher the privacy risk, the higher the online food delivery usage 
intention. Therefore, the result is inconsistent with previous research from Poon & Tung (2022). 
However, Gurung et al. (2006) stated that although the perception of risk does not directly affect trust, 
but with a high level of trust, consumers will tend to override the privacy risk factor. This statement is 
in line with the findings in this study that Trust is a significant variable and has a positive effect on 
online behavior intention. In addition, according to Hidayanto et al. (2012) young Indonesians aged 20-
25 years, who are the majority of respondents in this study, are the type of consumers who tend to be 
impulsive or have an urge based on satisfaction or desire consciously or unconsciously, so that although 
they are aware of the privacy risk but the level of trust in providing personal data and information to 
online service providers and use food delivery applications remains high. 

On the other hand, COVID-19 risk has a negative influence on the use of food delivery applications. 
This is in accordance with previous research from Poon & Tung (2022). Even though the COVID-19 
pandemic has decreased and has begun to enter the Semi-endemic phase (Mochtar, 2022), it turns out 
that the majority of respondents still pay attention to the COVID-19 factor in using food delivery 
applications. The higher the risk of contracting COVID-19 due to interacting with food delivery couriers, 
the lower online food delivery usage intention.  

6. Conclusions 

The main purpose of this study is to analyze the factors in TPB with trust and perceived risk that 
influence consumers’ online food delivery behavioral intention during the Semi-endemic period in 
Indonesia. Attitude, perceived behavioral control, and trust influence behavioral intention has a positive 
direct effect on behavioral intention. Subjective norms were not found to have any effect. The results of 
this study also showed that two risk variables were significant, which are COVID-19 risk and privacy 
risk. COVID-19 risk has a negative influence on the use of food delivery applications. On the contrary 
to previous findings, privacy risk has a positive influence on the use of food delivery applications, 
though this might be affected by the level of trust that the respondents had to online service providers. 

The current research has several limitations that can be used to guide future research. First, this 
research still does not represent the research findings for Indonesia as a whole because only a small 
percentage of other regions outside Java island were represented as the sample of this study. If this 
research model were tested in bigger areas, the findings could be different and provide the reader with 
a broader view of online behavioral intention during the Semi-endemic period. Furthermore, the 
respondents for this research mostly aged between 18 to 27 years old showing a limitation on broader 
perspective in using online food delivery during the Semi-endemic period. In preparing for future 
research, respondents with wider range age groups are suggested to obtain diverse results and show 
intergenerational. If this research were tested in a wider range age group, there is a possibility that the 
result could differ since people with different age groups have different views on online food delivery. 
Lastly, this research and previous studies had only analyzed the factors in TPB and perceived risk that 
influence online behavioral intention. Therefore, future studies can focus on conducting research on 
offline behavioral intention during the Semi-endemic and compare the findings with current results to 
gain another perspective.  

This research has several practical implications, specifically for online food delivery services. Based 
on the findings of this research, online food delivery providers can improve their application to be more 
personalized, user friendly, and easy to use for all inter-generational customers.  Moreover, online food 
delivery providers can keep improving the services in terms of timeliness (delivery time) and by giving 
loyalty points of rewards to consumers every time they use the services. Online food delivery also can 
improve their security system and most importantly convey this information to customers, so that 
customers can be sure that using a food delivery application does not spread customer personal data or 
information. Lastly, COVID-19 is still a risk for customers to use online food delivery especially during 
the Semi-endemic phase. Improving hygiene during the cooking and food packaging process, as well as 
courier safety from the COVID-19 virus, must be maintained so that the food delivery process, 
especially when interacting with customers, can run safely. But most importantly, online food delivery 
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providers must be able to communicate the COVID-19 protocol policies that they apply to their 
consumers. 

Particularly, this research presents two major contributions. The first contribution is that the research 
is conducted during the semi-endemic period, which is the final phase of COVID-19 Pandemic in 
Indonesia and the second contribution is that consumers still think that COVID-19 is a risk that prevents 
them from buying food, so they will choose to use an online food delivery for safety reasons. 
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